Domain Adaptation and Attention-Based Unknown Word Replacement
In Chinese-to-Japanese Neural Machine Translation
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Chinese and Japanese share many Chinese characters (Kanji)
Encoder Decoder There are no clear trends on the results,
but ensemble of the two different models with different

Analysis: Manual Evaluation on Attention-Based UNK Replacement
The six different unknown words are correctly replaced
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More than 70% of the UNK replacement find relevant positions
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Most of the errors are caused by word segmentation

The UT-KAY system

Kazuma Hashimoto, Akiko Eriguchi, and Yoshimasa Tsuruoka

objective functions boosted the BLEU score by 2.7 point
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Output: Japanese
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“J1)—>,5>K” in the human translation

Incorrect segmentation

This should be a single word,
but the two characters are split
by a word segmentation tool



